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Fast Synthesis of Stereo Novel Views Observed from a Moving Range near Curve
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Abstract—This paper presents a system for fast synthesis
of stereo novel views seen from a viewpoint moving near
a curve. To achieve this, we split the scene into tube-like
segments and distributed data to multiple neural networks
for training and synthesis. Previous studies have presented
two notable methods. One can handle a wide area but
generates images at slower than 0.2 fps, and the other is
faster but does not handle a wide area. This paper introduces
three methods: scene decomposition, post-rendering scaling,
and foveation to generate stereo free-viewpoint images faster
while extending the range of possible movement.
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